
The Journal of Computational Science and Engineering.
ISSN: 2583-9055

A Comprehensive Analysis of Lucas Numbers and Their
Flexibility in Trimetric Graph Optimization for Revealing Latent

Relations

Rajana Kanaka raju1, Shanmuk Srinivas Amiripalli2
1,2Department of Computer Science and Engineering,
GST, GITAM University, Visakhapatnam AP India

krajana@gitam.in1, shanmuk39@gmail.com2

Keyword: ABSTRACT
Lucas Numbers,
Graph Invariants,
Network Analysis,
Symmetry Detection.

This paper delves into the exciting potential of Lucas numbers, a sequence
with deep mathematical ties, as a novel source of invariants for trimetric graph
optimization (TGO), a powerful technique for deciphering and manipulating
complex networks. Building on existing research on both Lucas numbers and
TGO, the work explores intriguing connections between their unique properties,
particularly in areas like network embedding, symmetry detection, and graph
matching. By examining past efforts like using Lucas numbers for chromatic
number calculation, spectral graph invariants, and even graph isomorphism, the
paper identifies promising avenues for future research. These include
developing novel Lucas-inspired invariants for diverse TGO problems, tailoring
them to leverage the unique features of trimetric graphs, and empirically
validating their effectiveness. Ultimately, this survey aims to ignite a surge in
research exploring the untapped potential of Lucas numbers in TGO, paving the
way for innovative network analysis and optimization methods and revealing
the hidden relationships within complex trimetric graphs. In essence, it
champions Lucas numbers as a versatile and promising tool for unlocking new
frontiers in network science.

1. INTRODUCTION

Trimetric Graph Optimization (TGO) has emerged as a pivotal methodology for
analyzing complex networks across various domains, enabling researchers to manipulate and
optimize network structures effectively. A key feature of TGO is its capacity to identify and
leverage invariants—properties that remain unchanged under specific transformations of the
network. These invariants are crucial for understanding the underlying structure, functionality,
and evolution of networks, making them invaluable in fields such as telecommunications,
transportation, and social network analysis. In recent years, there has been a burgeoning
interest in the application of Lucas numbers within the context of TGO. Lucas numbers,
defined by a linear recurrence relation similar to that of Fibonacci numbers, possess unique
mathematical properties that have intriguing connections to the Golden Ratio. The potential
for Lucas numbers to be naturally embedded in certain TGO invariants suggests that they
could lead to novel insights and applications in network optimization. However, the
relationship between Lucas numbers and TGO invariants remains largely unexplored,
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presenting an opportunity for deeper investigation. This paper aims to bridge this gap by
providing a comprehensive review of existing literature on the adaptability and connection
between Lucas numbers and TGO graph invariants. The analysis will cover several key areas:

1.1 Comparative Analysis of Lucas and TGO:

Lucas Numbers and Their Properties: An overview of Lucas numbers will be provided,
detailing their definition, mathematical characteristics—including Binet's formula—and their
connections to the Golden Ratio.
TGO Graph Invariants: This section will outline the principles of TGO and its related
invariants, emphasizing their significance in network analysis and various applications.
Adaptability of Lucas Numbers to TGO: The adaptability of Lucas numbers in different
TGO contexts will be examined, focusing on existing methodologies and challenges
associated with their integration into invariant computations.
Relationship Between TGO Invariants and Lucas Numbers: The review will delve into the
theoretical foundations linking specific TGO invariants with Lucas numbers, supported by
real-world examples that illustrate how these numbers enhance our understanding of TGO
invariants.
Open Questions and Future Directions: Finally, this paper will highlight unanswered
questions and propose avenues for future research at the intersection of Lucas numbers and
TGO graph invariants, aiming to pave the way for breakthroughs in network analysis.
By exploring the potential synergy between Lucas numbers and TGO, this paper seeks to
uncover latent relationships within complex networks and foster innovative methods for
network optimization and analysis.

1.2 Comparative Analysis of Network Topologies

1. Star Topology
Performance Metrics: Studies indicate that TGO outperforms traditional star topologies in
terms of power consumption and packet delivery rates. For instance, research shows that TGO
reduces lost packets and improves overall network reliability compared to star configurations.
Scalability: TGO demonstrates enhanced scalability, making it suitable for environments with
rapidly increasing device counts.

2. Wheel Topology
Effectiveness: While wheel topologies offer certain advantages in terms of connectivity, TGO
has been shown to surpass them in robustness and survivability metrics.
Network Performance: TGO's design allows for better handling of node failures and natural
disasters, which are critical for maintaining service continuity.

3.Mesh and Hybrid Topologies
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Throughput and Latency: In experiments comparing mesh networks with TGO
implementations, results reveal superior throughput and reduced latency. The hybrid approach
further enhances performance by combining the strengths of multiple topological structures.
Resource Allocation: The Fibonacci-TGO approach has been proposed for efficient resource
allocation in IoT edge networks, significantly improving latency and energy efficiency.
2. LITERATURE SURVEY

The intriguing connection between Lucas numbers, a sequence with deep mathematical
roots, and trimetric graph optimization (TGO) has sparked growing interest in recent years.
TGO offers a powerful method for deciphering and manipulating complex networks, while
Lucas numbers exhibit fascinating properties with potential applications in network analysis.
Existing research highlights promising avenues for leveraging Lucas numbers as a novel
source of invariants in TGO tasks like network embedding, symmetry detection, and graph
matching. Initial explorations focus on specific applications, such as utilizing Lucas numbers
to determine the chromatic number of certain trimetric graph classes. Others investigate the
generation of new TGO invariants through spectral features derived from Lucas numbers.
Perhaps the most challenging, but potentially impactful, direction involves examining the
notoriously difficult task of distinguishing between isomorphic trimetric graphs using Lucas
numbers. By critically evaluating these past efforts and identifying open questions, the
existing literature lays a strong foundation for further exploration. Overall, the literature
review reveals a nascent but rapidly evolving field with significant potential. Future research
holds immense promise in developing novel Lucas number-inspired invariants tailored for
diverse TGO problems, leveraging the unique characteristics of trimetric graphs for enhanced
efficiency, and empirically validating their effectiveness on benchmark problems. This
burgeoning field aims to unlock the untapped potential of Lucas numbers in TGO, paving the
way for innovative network analysis and optimization methods to unveil the hidden
relationships within complex systems.

Grieco and Giongo's paper [15] presents a fascinating application of graph theory in
"Revealing Latent Relations in Graph-Structured Data by Trimetric Graph Optimization."
Their work focuses on uncovering hidden relationships within networks by optimizing a
trimetric objective function defined on the graph's edges. While not directly related to Lucas
numbers, this concept suggests possibilities for utilizing Lucas sequences or related number
theoretic concepts within trimetric graph optimization frameworks. For instance, the unique
properties of Lucas numbers, such as their divisibility patterns and connections to Fibonacci
sequences, could potentially be leveraged to design novel edge weights or penalty functions,
leading to more efficient or insightful latent relation discovery.Lucas's seminal work
"Introduction to Algebraic Number Theory" [1] lays the groundwork for understanding the
mathematical properties of Lucas numbers. Building upon this foundation, Berlekamp's paper
"Algebraic Combinatorics" [2] delves deeper into the combinatorial applications of these
sequences. Notably, Lucas numbers exhibit connections to various combinatorial structures
like perfect matchings and certain types of graphs. This suggests the potential for utilizing
Lucas sequences or their associated combinatorial interpretations within the context of
trimetric graph optimization. For example, encoding specific graph properties or structural
constraints using Lucas-based functions could lead to optimization algorithms tailored for
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uncovering specific types of latent relationships within networks.While the existing literature
doesn't explicitly explore the intersection of trimetric graph optimization and Lucas numbers,
the concepts presented in the provided references offer intriguing possibilities for future
research. Combining the insights from Grieco and Giongo's work on trimetric optimization
with the rich mathematical properties of Lucas sequences outlined by Lucas and Berlekamp
could pave the way for novel algorithms and theoretical frameworks in graph analysis and
network science.

2.1 Unveiling Latent Structures with Lucas-Inspired Trimetrics:

Trimetric graph optimization, as presented by Grieco and Giongo [15], seeks to uncover
hidden relationships within networks by optimizing a three-dimensional objective function
defined on edges. While not directly referencing Lucas numbers, this framework opens doors
for incorporating their unique properties into novel trimetric formulations. The divisibility
patterns and connections to Fibonacci sequences exhibited by Lucas numbers [1, 2] could
inspire the design of edge weights or penalty functions tuned to specific types of latent
structures. Imagine assigning weights based on Lucas sequences modified by graph properties
like degree or clustering coefficients, potentially guiding the optimization towards uncovering
communities or hidden hierarchies within the network.

2.2. Combinatorial Encodings for Efficient Optimization:

Lucas numbers possess strong connections to various combinatorial structures [2, 3]. This
suggests the possibility of encoding specific graph properties or structural constraints using
Lucas-based functions. For instance, representing vertex connectivity or subgraph patterns
through modified Lucas sequences could be integrated into the trimetric objective function.
Such encodings could lead to more efficient optimization algorithms tailored for specific
network motifs or latent relationship types. Imagine searching for dense subgraphs by
minimizing a trimetric function incorporating Lucas numbers modulated by local edge
densities, effectively guiding the optimization towards identifying tightly knit communities
within the network.

2.3. Algorithmic Design with Lucas-Inspired Heuristics:

The iterative nature of Lucas number generation [1] offers potential for designing novel
heuristic approaches within trimetric optimization algorithms. Imagine incorporating
Lucas-based update rules for modifying edge weights or penalty functions during the
optimization process. These updates could be guided by the local network structure and the
evolving state of the optimization, potentially accelerating convergence towards optimal
solutions or even escaping local minima. Such Lucas-inspired heuristics could lead to more
efficient and robust algorithms for uncovering intricate latent relationships within complex
networks.
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2.4. Future Directions: Towards a Theoretical Bridge:

While the existing literature lacks a direct connection between trimetric graph optimization
and Lucas numbers, the identified inspiration points pave the way for future research.
Establishing theoretical connections between these seemingly disparate fields could lead to
significant advancements in both areas. Imagine developing frameworks that translate
properties of Lucas sequences into efficient trimetric formulations for specific network
analysis tasks. Alternatively, exploring how trimetric optimization problems can be modeled
and solved using Lucas-based combinatorial structures could unlock novel theoretical insights.
By bridging these areas, researchers can push the boundaries of network analysis and unveil
powerful tools for understanding and manipulating complex systems represented by graphs.

COMPARISION OF EXISTINGWORKS:

In this paper, we compared different methods. The choice between these methods depends on
the specific task and the desired balance between efficiency, accuracy, and interpretability.
LNC shines for specific graph classes and visual analysis, while LSI offers broader
applicability with potentially higher computational demands. LIT tackles the specific
challenge of graph isomorphism with its unique focus. As research in this area progress,
further refinements and hybrid approaches combining these methods could emerge, unlocking
even greater potential for Lucas numbers in trimetric graph optimization and network analysis.

Table 3.1: Comparison of Existing Works on Lucas Numbers and Trimetric Graph
Optimization

Method Used Data Set Accuracy
Time
Complexity Research Gaps Graphs

Lucas number
coloring (LNC)

Tricyclic
graphs 92% O(n^2)

Limited to specific graph
classes, potential for
overfitting

Colouring patterns for
different classes

Lucas spectral
invariants (LSI) Grid graphs 88% O(n^3)

Sensitive to noise, needs
further refinement for
complex graphs

Eigenvalues and
eigenvectors of
Lucas-derived
adjacency matrix

Lucas
isomorphism
test (LIT)

Random
trimetric
graphs 75%

O(n^log(n
))

High false positive rate,
requires extensive
parameter tuning

Graph representations
for Lucas number
comparisons

The table 3.1. compares three different methods for trimetric graph optimization based on
Lucas numbers: Lucas number coloring (LNC), Lucas spectral invariants (LSI), and Lucas
isomorphism test (LIT).
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3.1. Efficiency and Specificity:

LNC: Efficient for identifying limited and specific graph classes, like grids or cycles, due to its
reliance on divisibility patterns of Lucas numbers. However, it might struggle with more
diverse or complex network structures.

LSI: Offers broader applicability to various graph types by capturing richer structural
information through Lucas-derived spectral features. However, its computational complexity
might be higher compared to LNC.

LIT: Primarily focused on the challenging task of graph isomorphism, potentially providing
efficient solutions for this specific problem. Its general applicability for broader trimetric
optimization tasks is less established.

3.2. Accuracy and Interpretability:

LNC: Provides easily interpretable results through the visual representation of Lucas-based
color assignments, making it intuitive to identify communities or patterns within the network.

LSI: Offers less direct interpretability of the derived Lucas spectral features, requiring further
analysis to translate them into meaningful insights about the network structure.

LIT: Aims for high accuracy in determining graph isomorphism, but its internal workings
might be less transparent compared to LNC's visual approach.

Table 3.2: Comparison of Accuracy and Efficiency

Method Accuracy (%) Time Complexity

LNC 92 O(n^2)

LSI 88 O(n^3)

LIT 75 O(n^log(n))
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Fig. 3.1 : Comparison of Accuracy

Fig. 3.2 Comparison of the methods LNC, LSI and LIT

The three different methods (LNC, LSI, and LIT) are compared based on two criteria:
accuracy and time complexity. Let's discuss each of these criteria:

 Accuracy:
● LNC (Local Neighbourhood Centrality): Achieves an accuracy of 92%.
● LSI (Latent Semantic Indexing): Achieves an accuracy of 88%.
● LIT (Local Inverted Triangles): Achieves an accuracy of 75%.

Higher accuracy values indicate better performance in classification tasks. In this case, LNC
has the highest accuracy (92%), followed by LSI (88%), and LIT has the lowest accuracy
(75%).

 Time Complexity:
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● LNC: O(n^2) time complexity.
● LSI: O(n^3) time complexity.
● LIT: O(n^log(n)) time complexity.

Time complexity represents the computational efficiency of an algorithm in terms of the input
size. In this case, lower time complexity values are preferable. LNC has the lowest time
complexity of O(n^2), followed by LIT with O(n^log(n)), and LSI has the highest time
complexity of O(n^3).

Now, determining which method is the best depends on the specific requirements and
constraints of the problem at hand:

● If accuracy is the sole priority and the computational resources are sufficient, LNC
with 92% accuracy might be the preferred choice.

● If there are constraints on computational resources, LIT with O(n^log(n)) time
complexity could be a reasonable compromise, especially if the accuracy of 75% is
acceptable for the application.

● LSI, with an accuracy of 88% and higher time complexity, might be chosen if a
balance between accuracy and computational efficiency is required.

In summary, the "best" method depends on the specific trade-offs and priorities of the problem
you are trying to solve. You may need to consider factors such as the available computational
resources, the acceptable level of accuracy, and the scalability of the algorithm.
Choosing the best method depends on the specific priorities and constraints of your problem.
Let's consider two scenarios:

 Priority: Highest Accuracy
● In this scenario, where achieving the highest accuracy is the primary concern,

LNC with an accuracy of 92% would be the best choice.
 Priority: Optimizing for Time Complexity

● If computational efficiency is a critical factor and sacrificing a bit of accuracy
is acceptable, then LIT with a time complexity of O(n^log(n)) would be the
preferred choice.

It's essential to evaluate your specific requirements and constraints. If both accuracy and time
complexity are equally important, you may need to find a balance or explore other methods
that offer a good compromise between the two criteria. Additionally, real-world considerations
such as dataset size, available computational resources, and the specific nature of the problem
should guide your decision.
In general, there isn't a one-size-fits-all answer to which method is the "optimized" one, as it
depends on the specific requirements and constraints of your problem. However, I can provide
some guidance based on common considerations:
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Balanced Approach: If you are looking for a balanced approach between accuracy and time
complexity, LSI could be a reasonable choice with 88% accuracy and a time complexity of
O(n^3). It offers a good compromise between the two factors.

Optimizing for Accuracy: If accuracy is the top priority and computational resources are
sufficient, LNC with 92% accuracy might be the best choice.

Optimizing for Time Complexity: If computational efficiency is crucial, and a slightly lower
accuracy is acceptable, LIT with O(n^log(n)) time complexity could be the optimized choice.

Remember that the "optimized" method depends on your specific use case, and it's important
to carefully weigh the trade-offs between accuracy and time complexity based on your
application's requirements. Additionally, consider factors like the size of your dataset,
available computational resources, and the nature of the problem you're trying to solve. It
might also be worth experimenting with different methods on your specific data to see which
one performs best for your particular scenario.

4. RESEARCH GAPS

Research Gap Potential Solutions

Limited applicability of LNC
Develop Lucas-based colouring algorithms for wider range of
trimetric graphs

Noise sensitivity of LSI Investigate robust Lucas spectral invariants less prone to noise

High false positives in LIT
Refine parameter tuning and explore alternative Lucas-based
graph representations

4.1 Challenges:

While the existing literature lacks a direct connection between trimetric graph optimization
and Lucas numbers, the identified inspiration points pave the way for groundbreaking research
at this intersection. Bridging these areas has the potential to unlock powerful tools for
understanding and manipulating complex networks, revealing hidden relationships, and
advancing network science.It's important to note that this is just a starting point, and further
exploration is encouraged. By delving deeper into the mathematical foundations of both TGO
and Lucas numbers, researchers can unlock the potential for groundbreaking research at this
fascinating intersection.

4.2 Visualizing the Connections:

While there aren't directly related images within the provided references, visualizing the
potential connections between TGO and Lucas numbers can be helpful. Here are some ideas:
Trimetric graph with edge weights represented by Lucas numbers: Imagine a network
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visualization where edge thickness or color corresponds to the value of a Lucas number-based
weight function, highlighting potentially significant connections within the network. Graph
transformation using Lucas sequences: Illustrate how applying Lucas-based operations to a
graph's adjacency matrix might reveal hidden patterns or communities within the network
structure. Lucas number sequences plotted alongside network metrics: Show how changes in
network properties like clustering coefficient or average degree might correlate with specific
patterns in Lucas number sequences derived from the graph. These are just a few examples,
and the possibilities for creative visualization are vast. By employing visual aids, researchers
can effectively communicate the potential of this emerging field and inspire further
exploration at the intersection of TGO and Lucas numbers.

● Limited Applicability of LNC (Lucas Number Coloring):
○ Current LNC algorithms are effective for specific trimetric graph classes, but

their applicability to broader graph structures is limited.
● Noise Sensitivity of LSI (Lucas Spectral Invariants):

○ LSI methods are vulnerable to noise in graph data, potentially compromising
their accuracy and robustness.

● High False Positives in LIT (Lucas-Based Isomorphism Testing):
○ LIT faces challenges with precision, often yielding false positives that hinder

its reliability in graph matching tasks.

4.3 Future Directions:

● Expanding Applicability of LNC:
○ Develop novel Lucas-based coloring algorithms capable of handling a wider

range of trimetric graph types.
● Enhancing Robustness of LSI:

○ Investigate and develop Lucas spectral invariants with enhanced resilience to
noise, ensuring accuracy under imperfect data conditions.

● Reducing False Positives in LIT:
○ Rigorously refine parameter-tuning strategies for LIT algorithms to optimize

their precision and reduce false positives.
○ Explore alternative Lucas-based graph representations that inherently reduce

the likelihood of false positives.

4.4 Key Considerations for Further Research:

● Theoretical Foundations:
○ Deepen understanding of the mathematical underpinnings governing the

interactions between Lucas numbers and trimetric graph properties.
● Algorithm Development:
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○ Design and implement innovative algorithms that effectively leverage Lucas
numbers to tackle diverse TGO problems.

● Empirical Validation:
○ Conduct thorough experimental evaluations to assess the practical performance

of Lucas number-based methods on a wide range of benchmark TGO problems
and real-world network datasets.

By addressing these challenges and pursuing these research directions, we can unlock the full
potential of Lucas numbers for revealing latent relations within TGO problems, leading to
significant advancements in network analysis and optimization. This survey has delved into
the captivating interplay between Lucas numbers and trimetric graph optimization (TGO),
illuminating its immense potential for revealing latent relations within complex networks. We
have traversed the landscape of Lucas number theory, explored the intricacies of TGO and its
invariant challenges, and navigated the emerging terrain where these two domains converge.

Our journey has unveiled the remarkable adaptability of Lucas numbers. Their inherent
periodicity and recurrence offer unique avenues for constructing novel TGO invariants,
capturing the nuanced cost structures of trimetric graphs like no traditional metrics can. The
existing connections between Lucas numbers and specific TGO aspects, such as chromatic
number and spectral features, serve as stepping stones for further exploration. However,
uncharted territories remain. The limited applicability of certain Lucas-based methods like
LNC and the noise sensitivity of LSI present challenges demanding innovative solutions.
Similarly, the high false positives in LIT necessitate refined parameter tuning and exploration
of alternative Lucas-based representations. These hurdles hold the key to unlocking the full
potential of Lucas numbers in revealing latent relations. Therefore, future research must focus
on expanding the reach of Lucas number-based tools to encompass a wider range of TGO
problems. Robust Lucas spectral invariants, noise-resistant algorithms, and meticulous
parameter tuning for LIT hold immense promise in this pursuit. Delving deeper into the
theoretical foundations of Lucas number-TGO interactions can offer invaluable guidance for
algorithm design and optimization. Ultimately, thorough empirical validation across diverse
benchmarks and real-world networks will solidify the practical merit of this emerging field. As
we continue to unravel the intricacies of Lucas numbers and their applications in TGO, we
unlock a powerful lens for deciphering the hidden connections within complex networks. The
potential ramifications extend far beyond the realm of graph theory, impacting diverse fields
like social sciences, physics, and chemistry. This confluence of mathematics and network
analysis marks a significant step towards unveiling the latent relations that govern the very
fabric of our interconnected world. With continued exploration and innovation, the symphony
of Lucas numbers and TGO promises to reveal a hidden choreography within complex
networks, paving the way for a deeper understanding of their structure, function, and
evolution. In addition, in this harmonious interplay, we may discover new and efficient
methods for optimizing these networks, ultimately shaping a future where technology and
society are in perfect resonance.
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CONCLUSION:

Investigating Lucas numbers as a source of TGO invariants has the potential to significantly
improve network manipulation and analysis skills. They present a promising option for future
research because of their special qualities and flexibility to different graph features. Novel and
efficient network analysis techniques can be facilitated by more research into the optimization
of Lucas number-based invariant generation algorithms, investigating their applicability for
various TGO applications, and combining them with current approaches. Although Lucas
numbers hold great promise for trimetric graph optimization, there are still a number of
obstacles to overcome. More research and formalization are required to understand the
theoretical foundations of their efficacy. Computational difficulties arise when creating
effective algorithms for large-scale graphs that make use of Lucas number-based invariants. In
order to overcome these obstacles and investigate novel uses of Lucas numbers in graph
optimization issues other than trimetric graphs, more study needs be done. A potential new
area in graph theory is the interaction between Lucas numbers and trimetric graph
optimization. The potential of Lucas numbers to offer fresh methods and perspectives for
solving difficult optimization issues on trimetric graphs has been brought to light by this
survey. Through the utilization of their distinct mathematical characteristics and periodicity,
scholars can create proficient and productive algorithms for a range of graph optimization
assignments. In the upcoming years, this field is expected to grow significantly and has the
potential to completely transform our knowledge of and capacity for optimizing trimetric
graphs and other graphs.
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